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 Abstract   
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Ovarian cancer remains one of the most lethal gynecological malignancies 
worldwide due to its late diagnosis and poor prognosis. Detecting ovarian cancer 
at an early stage significantly improves survival rates, yet current screening 
methods are insufficient for widespread clinical adoption. Recent advancements in 
molecular biology, imaging techniques, and liquid biopsy have provided new 
avenues for the early detection of ovarian cancer. This review discusses emerging 
strategies, including biomarkers from blood, urine, and tissue, advanced imaging 
modalities, artificial intelligence-driven diagnostic tools, and multi-omics 
approaches. The role of CA-125, HE4, microRNAs, and circulating tumor DNA is 
highlighted as promising biomarkers. Cutting-edge imaging technologies such as 
enhanced transvaginal ultrasound, MRI, and PET-CT offer improved accuracy for 
early-stage detection. Additionally, integrating artificial intelligence and machine 
learning enables better risk stratification and diagnostic precision. Multi-omics 
approaches, combining genomics, proteomics, and metabolomics, hold great 
promise for identifying novel signatures of early ovarian cancer. Challenges such 
as limited specificity, accessibility, and validation of new tools are also addressed, 
with an emphasis on future directions to improve screening methodologies. This 
comprehensive review aims to consolidate current knowledge and provide a 
pathway toward implementing reliable and effective early detection strategies for 
ovarian cancer.              
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INTRODUCTION 
 

Ovarian cancer remains a major public health concern, contributing to significant morbidity and mortality 
globally. It is the fifth leading cause of cancer-related deaths among women and the most fatal gynecological 
malignancy [1]. The poor prognosis of ovarian cancer is largely attributed to its silent progression during the early 
stages and the lack of effective early detection tools. By the time ovarian cancer is diagnosed, approximately 70-
80% of patients present with advanced-stage disease (Stage III or IV), resulting in five-year survival rates of less 
than 30% [2]. However, early-stage ovarian cancer (Stage I) is associated with a significantly better prognosis, 
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with survival rates exceeding 90% [3]. This underscores the urgent need for reliable strategies to detect ovarian 
cancer at its earliest stages. 

Currently, the gold standard for ovarian cancer detection involves a combination of transvaginal 
ultrasound (TVUS) and the serum biomarker CA-125. However, these methods have limitations in sensitivity, 
specificity, and overall diagnostic accuracy, particularly for early-stage disease [4]. CA-125 levels can be elevated 
in non-cancerous conditions such as endometriosis, pelvic inflammatory disease, and menstruation, reducing its 
utility as a standalone marker [5]. Likewise, TVUS may fail to differentiate between benign and malignant ovarian 
masses effectively [6]. 

Recent research has focused on identifying novel biomarkers, improving imaging modalities, and 
leveraging technological advancements such as artificial intelligence (AI) and machine learning to enhance early 
detection capabilities. Emerging techniques, including liquid biopsy, multi-omics analysis, and circulating tumor 
DNA (ctDNA) detection, have shown promising results in preclinical and clinical studies [7-9]. Additionally, 
machine learning algorithms integrated with imaging data offer improved sensitivity and specificity for detecting 
subtle ovarian abnormalities [10]. 

This review will provide a comprehensive discussion of the latest advancements in early ovarian cancer 
detection, including: 

1. Novel biomarkers and liquid biopsy methods 
2. Enhanced imaging technologies 
3. Role of artificial intelligence and machine learning 
4. Multi-omics approaches for integrated detection 
5. Challenges and future perspectives 

By consolidating current research, we aim to highlight innovative strategies that hold promise for early ovarian 
cancer detection and improved patient outcomes. 
 
Novel Biomarkers for Early Detection of Ovarian Cancer 

 search for reliable and specific biomarkers for ovarian cancer has been a focal point in recent research. 
Biomarkers derived from blood, urine, and tissue samples play a crucial role in identifying early-stage disease. 
Among these, CA-125 and HE4 remain the most extensively studied, although newer biomarkers such as 
microRNAs, exosomal proteins, and circulating tumor DNA (ctDNA) are emerging as potential tools for early 
detection [11]. 

 
CA-125 and HE4 
CA-125, a glycoprotein expressed on the surface of ovarian cancer cells, was the first biomarker identified for 
ovarian cancer detection. Elevated CA-125 levels are found in approximately 80% of patients with advanced 
ovarian cancer, but its sensitivity for early-stage detection is limited to around 50% [12]. HE4, a secretory protein, 
has demonstrated improved specificity compared to CA-125, particularly in distinguishing ovarian cancer from 
benign gynecological conditions [13]. The combination of CA-125 and HE4 in the Risk of Ovarian Malignancy 
Algorithm (ROMA) enhances diagnostic accuracy, especially in postmenopausal women [14]. 
 
MicroRNAs (miRNAs) 
MicroRNAs are small, non-coding RNAs that regulate gene expression and play a key role in cancer development 
and progression. Several studies have identified unique miRNA signatures in the blood and tissue of ovarian 
cancer patients, suggesting their utility as early detection biomarkers [15]. For instance, miR-200 family members 
and miR-21 are upregulated in ovarian cancer and can be detected in circulating blood samples [16]. 
 
Circulating Tumor DNA (ctDNA) 
Circulating tumor DNA (ctDNA) refers to small fragments of DNA released by tumor cells into the bloodstream. 
The detection of ctDNA using highly sensitive techniques such as digital PCR and next-generation sequencing 
(NGS) enables non-invasive monitoring of tumor-specific genetic alterations [17]. ctDNA analysis has shown 
promise in detecting ovarian cancer at early stages, with studies reporting high specificity and sensitivity [18]. 
 
Exosomal Biomarkers 
Exosomes are extracellular vesicles released by cells that contain proteins, lipids, and nucleic acids. Tumor-
derived exosomes carry unique molecular signatures reflective of the cancerous state, making them ideal 
candidates for biomarker discovery [19]. Exosomal proteins such as claudin-4 and exosomal miRNAs have been 
identified in ovarian cancer patients and show potential for early detection [20]. 
 
Autoantibodies and Protein Biomarkers 
The immune system's response to tumor-associated antigens often results in the production of autoantibodies, 
which can serve as early detection markers. For example, autoantibodies against p53 and mesothelin have been 
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detected in ovarian cancer patients prior to clinical diagnosis [21]. Similarly, proteomic studies have identified 
novel protein biomarkers such as apolipoprotein A1 and transthyretin, which show promise for early detection 
[22]. 
 
Multiplex Biomarker Panels 
Given the heterogeneity of ovarian cancer, single biomarkers may not provide sufficient sensitivity and specificity 
for early detection. Multiplex panels that combine several biomarkers, such as CA-125, HE4, and novel proteins 
or miRNAs, have demonstrated improved diagnostic accuracy [23]. Platforms such as OVA1 and Overa are 
commercially available assays that incorporate multiple biomarkers to assess the risk of ovarian malignancy [24]. 
In summary, the identification of novel biomarkers, including miRNAs, ctDNA, and exosomal signatures, offers 
significant promise for the early detection of ovarian cancer. Combining these biomarkers into multiplex panels 
and integrating them with existing tools may provide a robust strategy to improve diagnostic accuracy. 
 
Enhanced Imaging Technologies for Early Detection of Ovarian Cancer 

Imaging techniques play a crucial role in the detection, characterization, and staging of ovarian cancer. 
Recent advancements in imaging modalities, including transvaginal ultrasound (TVUS), magnetic resonance 
imaging (MRI), computed tomography (CT), positron emission tomography-computed tomography (PET-CT), 
and emerging optical imaging technologies, have significantly improved the ability to detect ovarian cancer at 
early stages. In combination with artificial intelligence (AI) and machine learning algorithms, imaging 
technologies now offer enhanced precision, accuracy, and risk assessment. 
 
Transvaginal Ultrasound (TVUS) 
Transvaginal ultrasound remains the primary imaging modality for detecting ovarian abnormalities due to its non-
invasive nature, cost-effectiveness, and real-time imaging capabilities. TVUS enables the visualization of ovarian 
morphology, vascularization, and size to identify suspicious masses. The International Ovarian Tumor Analysis 
(IOTA) group has developed standardized criteria and risk models, such as the Simple Rules and the ADNEX 
model, to differentiate benign from malignant ovarian masses based on TVUS findings [25]. Advanced Doppler 
imaging techniques, such as color Doppler and power Doppler, further enhance TVUS by assessing blood flow 
patterns, which are often altered in malignant tumors [26]. 
Despite its strengths, TVUS has limitations, particularly in early-stage ovarian cancer, where tumor size is 
minimal and morphological changes are subtle. Efforts are ongoing to improve TVUS sensitivity by integrating 
contrast-enhanced ultrasound (CEUS) and elastography techniques. CEUS enhances the detection of vascular 
abnormalities using microbubble contrast agents, while elastography assesses tissue stiffness, providing additional 
information on the nature of ovarian lesions [27]. 
 
Magnetic Resonance Imaging (MRI) 
MRI offers superior soft tissue contrast and multi-planar imaging capabilities, making it an excellent modality for 
characterizing ovarian tumors. Recent advances in functional MRI techniques, such as diffusion-weighted 
imaging (DWI) and dynamic contrast-enhanced MRI (DCE-MRI), have improved the differentiation of benign 
and malignant ovarian lesions [28]. DWI evaluates tissue cellularity and water diffusion, while DCE-MRI assesses 
tumor vascularization, both of which are altered in malignancies. 
Studies have demonstrated that combining MRI with TVUS improves the detection of early-stage ovarian cancer, 
particularly in high-risk populations [29]. Moreover, MRI has the advantage of avoiding ionizing radiation, 
making it a safer option for repeated imaging in screening programs. 
 
Computed Tomography (CT) and PET-CT 
Computed tomography (CT) is widely used for staging ovarian cancer, but its role in early detection is limited 
due to poor soft tissue contrast. However, PET-CT, which combines metabolic and anatomical imaging, has 
shown promise in identifying small, early-stage ovarian tumors with high accuracy [30]. PET-CT utilizes 
radiotracers such as 18F-fluorodeoxyglucose (18F-FDG) to detect hypermetabolic activity in malignant cells, 
enabling the identification of lesions not visible on standard CT scans. 
Research indicates that PET-CT can detect early ovarian cancer in high-risk populations, particularly those with 
BRCA1/2 mutations or strong family histories of ovarian cancer [31]. The integration of PET-CT with AI-driven 
image analysis further enhances its ability to differentiate benign and malignant lesions based on metabolic 
patterns [32]. 
 
Optical Imaging Technologies 
Emerging optical imaging techniques, such as photoacoustic imaging (PAI) and near-infrared fluorescence 
(NIRF) imaging, offer non-invasive and high-resolution imaging for detecting early-stage ovarian cancer. PAI 
combines optical and ultrasound imaging to provide detailed information on tissue structure and vascularization, 
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which are altered in malignant tumors [33]. NIRF imaging uses targeted fluorescent probes to identify tumor-
specific markers, enabling the detection of ovarian cancer at the molecular level [34]. 
 
Artificial Intelligence in Imaging 
Artificial intelligence (AI) and machine learning algorithms are revolutionizing imaging technologies by 
enhancing diagnostic accuracy and risk assessment. AI-driven models can analyze large imaging datasets to 
identify subtle abnormalities and patterns indicative of early-stage ovarian cancer. Convolutional neural networks 
(CNNs) have shown particular promise in interpreting TVUS, MRI, and PET-CT images with high sensitivity and 
specificity [35]. 
For instance, AI models integrated with TVUS can differentiate between benign and malignant ovarian masses 
based on morphological and vascular features [36]. Similarly, AI algorithms applied to MRI and PET-CT images 
can detect metabolic and anatomical changes in early-stage tumors that may be missed by human radiologists [37]. 
 
Integration of Imaging Modalities 
Combining multiple imaging modalities, such as TVUS with MRI or PET-CT, enhances diagnostic accuracy and 
reduces false-positive rates. Hybrid approaches provide complementary information on tumor morphology, 
vascularization, and metabolic activity, enabling early detection with greater confidence [38]. Future research 
focuses on integrating imaging data with clinical and biomarker information to develop comprehensive risk 
assessment tools for ovarian cancer screening. 
In conclusion, advancements in imaging technologies, including enhanced TVUS, MRI, PET-CT, and emerging 
optical imaging techniques, have significantly improved the ability to detect ovarian cancer at early stages. The 
integration of artificial intelligence further enhances imaging precision, offering new opportunities for early 
diagnosis and improved patient outcomes. 
 
Role of Artificial Intelligence and Machine Learning in Early Detection of Ovarian Cancer 

Artificial intelligence (AI) and machine learning (ML) have revolutionized the field of oncology by 
offering advanced tools for data analysis, predictive modeling, and pattern recognition. These technologies hold 
immense potential in the early detection of ovarian cancer, as they can integrate and analyze diverse datasets, 
including imaging, biomarker, genomic, and clinical data, with unprecedented speed and accuracy. AI-driven 
systems have demonstrated the ability to improve the sensitivity, specificity, and overall efficiency of ovarian 
cancer diagnosis at an early stage. 

 
AI in Imaging-Based Diagnosis 
The application of AI and ML to imaging modalities such as transvaginal ultrasound (TVUS), magnetic resonance 
imaging (MRI), and positron emission tomography-computed tomography (PET-CT) has significantly enhanced 
the accuracy of early ovarian cancer detection. Convolutional neural networks (CNNs) and deep learning 
algorithms have been particularly effective in analyzing complex imaging data to identify subtle abnormalities 
that may elude human radiologists [39]. 
For instance, AI algorithms integrated with TVUS can automatically assess ovarian morphology, vascular patterns, 
and texture to distinguish between benign and malignant lesions with high accuracy [40]. Similarly, AI models 
applied to MRI data can detect tumor-associated changes in tissue diffusion and vascularization, improving the 
diagnostic precision for early-stage ovarian cancer [41]. Research has shown that combining AI-driven analysis 
of TVUS with biomarkers such as CA-125 further improves sensitivity and specificity [42]. 
 
Machine Learning for Biomarker Analysis 
AI and ML algorithms are widely used to analyze biomarker datasets, including proteomics, genomics, and 
metabolomics data, to identify novel signatures for early ovarian cancer detection. Supervised and unsupervised 
learning models can process large-scale biomarker data to recognize patterns associated with early-stage 
malignancies. 
For example, machine learning algorithms have been employed to identify microRNA (miRNA) signatures, 
circulating tumor DNA (ctDNA) profiles, and protein panels that differentiate early-stage ovarian cancer patients 
from healthy controls [43]. These models can combine multiple biomarkers into predictive panels that outperform 
single-marker approaches in diagnostic accuracy. 
 
AI for Risk Stratification and Predictive Modeling 
AI-based risk stratification tools leverage clinical, imaging, and molecular data to predict an individual’s 
likelihood of developing ovarian cancer. These tools are particularly useful for identifying high-risk populations, 
such as individuals with BRCA1/2 mutations or strong family histories of ovarian cancer. 
The Risk of Ovarian Malignancy Algorithm (ROMA), which combines CA-125 and HE4 biomarkers, has been 
enhanced with AI models to provide improved risk assessment [44]. Additionally, machine learning algorithms 
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have been used to develop polygenic risk scores (PRS) based on genomic data, enabling personalized risk 
prediction for ovarian cancer [45]. 
 
Integration of Multi-Modal Data 
AI excels at integrating multi-modal data, including imaging, biomarker, and clinical information, to develop 
comprehensive diagnostic models for early ovarian cancer detection. Multi-modal AI systems analyze data from 
diverse sources to identify patterns and correlations that would otherwise be overlooked. 
For instance, integrating TVUS imaging data with serum biomarkers such as CA-125, HE4, and circulating 
miRNAs using AI-driven models has significantly improved the early detection of ovarian cancer [46]. Such 
multi-modal approaches hold great promise for overcoming the limitations of single diagnostic tools. 
 
Role of Natural Language Processing (NLP) in Ovarian Cancer Detection 
Natural language processing (NLP), a branch of AI that focuses on interpreting unstructured text data, has been 
applied to electronic health records (EHRs) and pathology reports to improve ovarian cancer detection. NLP 
algorithms can analyze EHR data to identify high-risk patients based on clinical histories, symptoms, and imaging 
results [47]. By automating the extraction of relevant information from large datasets, NLP accelerates the 
diagnostic process and reduces errors. 
 
Real-Time AI Tools in Clinical Practice 
AI tools are increasingly being integrated into clinical practice to support real-time decision-making for ovarian 
cancer screening and diagnosis. AI-powered software platforms can analyze imaging data, assess risk scores, and 
generate diagnostic recommendations in real time, assisting clinicians in making informed decisions [48]. 
For example, AI-driven platforms such as Qlarity Imaging’s QuantX and GE Healthcare’s Edison are designed to 
analyze radiological data and provide diagnostic support for ovarian and other cancers [49]. These tools have 
shown promising results in improving early detection rates while reducing the burden on healthcare providers. 
 
Challenges and Future Directions 
Despite significant advancements, several challenges remain in the implementation of AI and ML for early ovarian 
cancer detection. These include: 

 Data Availability and Quality: AI models require large, high-quality datasets for training and validation. 
Limited access to annotated ovarian cancer datasets poses a challenge for developing robust models [50]. 

 Model Interpretability: AI algorithms often function as "black boxes," making it difficult to interpret 
the reasoning behind their predictions. Improving model transparency and interpretability is essential for 
clinical adoption [51]. 

 Validation and Standardization: AI models must undergo rigorous validation and standardization to 
ensure their accuracy, reproducibility, and clinical utility across diverse populations [52]. 

Future research should focus on developing explainable AI models, improving data sharing and collaboration, and 
conducting large-scale clinical trials to validate AI-driven tools. Integrating AI with emerging technologies such 
as liquid biopsy and multi-omics analysis will further enhance early ovarian cancer detection. 
In conclusion, artificial intelligence and machine learning have transformed the landscape of early ovarian cancer 
detection. By improving the analysis of imaging data, biomarkers, and multi-modal datasets, AI-driven tools offer 
new opportunities for achieving earlier diagnosis and better patient outcomes. Overcoming existing challenges 
will pave the way for the widespread clinical adoption of AI technologies in ovarian cancer screening. 
 
Multi-Omics Approaches for Integrated Detection of Ovarian Cancer 

The advent of omics technologies has opened new horizons for understanding the molecular complexity 
of ovarian cancer. Multi-omics approaches, including genomics, transcriptomics, proteomics, metabolomics, and 
epigenomics, provide a comprehensive analysis of cancer biology and hold great promise for identifying novel 
biomarkers for early detection. By integrating data from multiple omics platforms, researchers can uncover unique 
molecular signatures indicative of early-stage ovarian cancer and develop highly sensitive and specific diagnostic 
tools. 

 
Genomics 
Genomic analysis involves studying the genetic alterations associated with ovarian cancer development and 
progression. High-throughput sequencing technologies, such as next-generation sequencing (NGS), have enabled 
the identification of key genetic mutations and aberrations in early-stage ovarian cancer. BRCA1 and BRCA2 
mutations remain the most well-established genetic markers for ovarian cancer risk, particularly in hereditary 
cases [53]. 
Recent studies have identified additional genetic mutations, such as TP53, KRAS, and PTEN, which are 
frequently present in ovarian tumors [54]. Genomic profiling of circulating tumor DNA (ctDNA) in blood samples 
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offers a non-invasive approach for detecting tumor-specific mutations at early stages [55]. Integrating genomic 
data with other omics platforms enhances the ability to detect early molecular changes associated with ovarian 
cancer initiation. 
 
Transcriptomics 
Transcriptomics focuses on analyzing RNA transcripts to study gene expression patterns in ovarian cancer. 
Changes in mRNA, microRNA (miRNA), and long non-coding RNA (lncRNA) expression can serve as early 
indicators of tumor development. For instance, miRNAs such as miR-200 and miR-21 are upregulated in ovarian 
cancer and play a role in tumor initiation, progression, and metastasis [56]. 
Advancements in RNA sequencing (RNA-seq) have enabled the identification of transcriptomic signatures 
specific to early-stage ovarian cancer. Combining transcriptomic data with other omics datasets allows for the 
discovery of novel biomarkers that improve diagnostic accuracy [57]. 
 
Proteomics 
Proteomics involves the large-scale study of proteins and their modifications in biological systems. Since proteins 
are the functional molecules in cells, changes in protein expression, structure, or post-translational modifications 
are closely associated with cancer development. 
Recent proteomic studies have identified several candidate biomarkers for ovarian cancer, including HE4, 
mesothelin, and apolipoproteins [58]. Advances in mass spectrometry-based proteomics and protein microarrays 
enable the identification of protein signatures specific to early-stage ovarian cancer. Exosomal proteins, derived 
from tumor-released extracellular vesicles, also hold great potential as non-invasive biomarkers for early detection 
[59]. 
 
Metabolomics 
Metabolomics focuses on the comprehensive analysis of metabolites, small molecules involved in cellular 
metabolism. Cancer cells exhibit altered metabolic pathways, such as increased glycolysis and lipid metabolism, 
which can be detected through metabolomic profiling. 
Metabolomic studies have identified changes in metabolites such as amino acids, lipids, and carbohydrates in the 
blood and urine of ovarian cancer patients [60]. For example, elevated levels of lysophosphatidic acid (LPA) and 
altered amino acid metabolism have been associated with early-stage ovarian cancer [61]. Combining 
metabolomic data with genomic and proteomic findings provides a more holistic understanding of the metabolic 
changes underlying ovarian cancer development. 
 
Epigenomics 
Epigenomics involves studying epigenetic modifications, such as DNA methylation, histone modifications, and 
non-coding RNAs, which regulate gene expression without altering the DNA sequence. Aberrant DNA 
methylation patterns are frequently observed in ovarian cancer and can serve as early diagnostic markers [62]. 
For instance, hypermethylation of tumor suppressor genes, such as RASSF1A and BRCA1, has been detected in 
early-stage ovarian cancer [63]. Advances in methylation-specific PCR and bisulfite sequencing have enabled the 
detection of epigenetic changes in liquid biopsy samples, offering a non-invasive approach for early diagnosis. 
 
Integration of Multi-Omics Data 
The integration of multi-omics data (genomics, transcriptomics, proteomics, metabolomics, and epigenomics) 
provides a comprehensive view of ovarian cancer biology and facilitates the identification of robust biomarkers 
for early detection. Multi-omics approaches combine molecular data from different platforms to identify unique 
signatures that differentiate early-stage ovarian cancer from benign conditions or healthy controls. 
Recent studies have demonstrated the utility of multi-omics integration for developing predictive models and risk 
stratification tools. For example, integrating genomic and proteomic data has led to the discovery of novel 
biomarkers such as B7-H4 and claudin-3, which improve the accuracy of early ovarian cancer detection [64]. 
 
Computational Tools for Multi-Omics Analysis 
The analysis of multi-omics data requires advanced computational tools and machine learning algorithms capable 
of integrating and interpreting large datasets. Bioinformatics platforms such as TCGA (The Cancer Genome Atlas), 
GEO (Gene Expression Omnibus), and PRIDE (Proteomics Identification Database) provide publicly available 
datasets for multi-omics analysis. 
Machine learning models, including support vector machines (SVMs) and random forest algorithms, have been 
used to analyze multi-omics data and identify molecular patterns associated with early-stage ovarian cancer [65]. 
Integrating these tools with artificial intelligence enhances the predictive power of multi-omics approaches. 
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Challenges and Future Directions 
While multi-omics approaches offer great promise, several challenges remain: 

 Data Integration: Integrating data from diverse omics platforms requires sophisticated computational 
tools and expertise. 

 Sample Accessibility: Obtaining high-quality samples for multi-omics analysis, particularly for early-
stage ovarian cancer, remains challenging. 

 Cost and Complexity: Multi-omics studies are resource-intensive and require substantial investments 
in infrastructure and technology. 

Future research should focus on standardizing multi-omics protocols, improving data integration methods, and 
conducting large-scale validation studies to confirm the clinical utility of multi-omics biomarkers. Integrating 
multi-omics data with liquid biopsy and AI-driven tools will further enhance the early detection of ovarian cancer. 
In conclusion, multi-omics approaches provide a powerful platform for identifying molecular signatures 
associated with early-stage ovarian cancer. By combining genomics, transcriptomics, proteomics, metabolomics, 
and epigenomics, researchers can develop highly sensitive and specific diagnostic tools that improve early 
detection and patient outcomes. 
 
Challenges and Future Perspectives in Early Ovarian Cancer Detection 

While significant advancements have been made in the detection of ovarian cancer at its early stages, 
several challenges persist that hinder widespread clinical adoption. These challenges include biological, technical, 
and logistical barriers, as well as gaps in population screening strategies. Addressing these challenges is crucial 
for improving early diagnosis rates and reducing ovarian cancer-related mortality. 

 
Biological Heterogeneity of Ovarian Cancer 
Ovarian cancer is a highly heterogeneous disease, comprising multiple histological subtypes, including serous, 
endometrioid, clear cell, and mucinous carcinomas. Each subtype is characterized by distinct molecular profiles 
and clinical behaviors, complicating efforts to develop universal biomarkers for early detection [66]. For instance, 
high-grade serous ovarian cancer (HGSOC), the most common and lethal subtype, often develops 
asymptomatically in the fallopian tubes before spreading to the ovaries and peritoneum [67]. 
This biological heterogeneity necessitates the development of subtype-specific biomarkers and detection 
strategies. Future research should focus on understanding the unique molecular signatures of each ovarian cancer 
subtype to enable tailored approaches for early diagnosis. 
 
Lack of Highly Specific and Sensitive Biomarkers 
Although CA-125 and HE4 remain the most commonly used biomarkers for ovarian cancer, their limited 
sensitivity and specificity, particularly for early-stage disease, reduce their clinical utility. Elevated CA-125 levels 
are often observed in benign conditions such as endometriosis and pelvic inflammatory disease, leading to false 
positives and unnecessary interventions [68]. 
Novel biomarkers, including microRNAs, circulating tumor DNA (ctDNA), and exosomal proteins, have shown 
promise; however, their clinical validation is still ongoing. Rigorous multicenter studies are needed to establish 
the reliability, reproducibility, and clinical relevance of these emerging biomarkers [69]. Combining multiple 
biomarkers into diagnostic panels using machine learning algorithms holds significant potential for overcoming 
these limitations. 
 
Limitations of Current Imaging Techniques 
Despite advancements in imaging technologies such as transvaginal ultrasound (TVUS), magnetic resonance 
imaging (MRI), and positron emission tomography-computed tomography (PET-CT), detecting early-stage 
ovarian cancer remains challenging due to the small size of early tumors and the lack of specific imaging features. 
TVUS, the most widely used imaging modality, often struggles to differentiate between benign and malignant 
ovarian masses [70]. 
To address these limitations, efforts should focus on improving imaging resolution and integrating advanced 
imaging techniques, such as contrast-enhanced ultrasound (CEUS), diffusion-weighted MRI, and photoacoustic 
imaging. Combining imaging data with artificial intelligence (AI)-driven analysis can further enhance sensitivity 
and specificity for early-stage detection [71]. 
 
Accessibility and Cost of Advanced Technologies 
Many of the emerging strategies for early ovarian cancer detection, including liquid biopsy, multi-omics 
approaches, and advanced imaging modalities, are resource-intensive and costly. These technologies often require 
specialized equipment, highly trained personnel, and significant financial investment, limiting their accessibility 
in low-resource settings [72]. 
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Developing cost-effective, scalable, and user-friendly diagnostic tools is essential for ensuring global access to 
early detection strategies. Point-of-care testing platforms and portable imaging devices represent promising 
solutions for improving accessibility, particularly in underserved populations. 
 
Population Screening Challenges 
Unlike breast and cervical cancer, there are currently no universally accepted screening programs for ovarian 
cancer due to the lack of effective tools and concerns about false positives and overdiagnosis. Previous large-scale 
trials, such as the UK Collaborative Trial of Ovarian Cancer Screening (UKCTOCS), demonstrated limited 
benefits of CA-125 and TVUS screening in reducing ovarian cancer mortality [73]. 
Future screening strategies should focus on high-risk populations, such as women with BRCA1/2 mutations, 
Lynch syndrome, or a strong family history of ovarian cancer. Personalized screening approaches that incorporate 
genetic risk assessment, biomarkers, and advanced imaging hold significant promise for improving early detection 
rates in these high-risk groups [74]. 
 
Validation and Standardization of Emerging Tools 
Emerging technologies, such as liquid biopsy, multi-omics analysis, and AI-driven diagnostic tools, require 
extensive validation and standardization before they can be integrated into clinical practice. Multicenter studies 
involving diverse patient populations are essential to ensure the reproducibility and reliability of these tools. 
Establishing standardized protocols for sample collection, processing, and analysis is also critical for their 
successful implementation [75]. 
 
Future Perspectives 
To overcome these challenges, future research and clinical efforts should focus on the following key areas: 

1. Development of Subtype-Specific Biomarkers: Understanding the molecular heterogeneity of ovarian 
cancer will enable the identification of subtype-specific biomarkers for early detection. 

2. Integration of Multi-Modal Approaches: Combining liquid biopsy, multi-omics analysis, imaging 
technologies, and AI-driven tools will provide a comprehensive strategy for early diagnosis. 

3. Advancing Artificial Intelligence: AI and machine learning algorithms should be further refined to 
analyze large-scale data and develop predictive models for ovarian cancer screening and risk assessment. 

4. Improving Accessibility: Developing cost-effective, portable, and user-friendly diagnostic tools will 
ensure global access to early detection strategies, particularly in low-resource settings. 

5. Targeted Screening Programs: Personalized screening approaches should be implemented for high-
risk populations to improve early detection rates while minimizing false positives. 
 

Conclusion of Challenges and Future Perspectives 
While significant progress has been made in developing new strategies for the early detection of ovarian 

cancer, several challenges must be addressed to ensure their successful clinical translation. Overcoming issues 
related to biomarker specificity, imaging limitations, accessibility, and validation will require a multidisciplinary 
effort involving researchers, clinicians, and policymakers. The integration of emerging technologies, such as 
liquid biopsy, multi-omics analysis, and artificial intelligence, holds great promise for transforming ovarian cancer 
screening and improving patient outcomes. 
 
CONCLUSION AND SUMMARY 

 
Ovarian cancer remains one of the most lethal gynecological malignancies, primarily due to its late 

diagnosis and asymptomatic progression during the early stages. Detecting ovarian cancer at its earliest stage is 
critical for improving patient outcomes, as survival rates exceed 90% when diagnosed at Stage I. However, current 
screening strategies, including CA-125 biomarker assessment and transvaginal ultrasound (TVUS), lack the 
sensitivity and specificity required for widespread clinical adoption. 

This review has provided an in-depth analysis of emerging strategies for the early detection of ovarian 
cancer, focusing on novel biomarkers, advanced imaging technologies, artificial intelligence (AI), and multi-
omics approaches. Key advancements include the identification of new biomarkers such as microRNAs (miRNAs), 
circulating tumor DNA (ctDNA), and exosomal proteins, which have demonstrated significant promise for non-
invasive detection. Additionally, multi-biomarker panels that combine CA-125 and HE4 with emerging molecular 
markers show improved diagnostic accuracy compared to single-marker assays. 

Enhanced imaging technologies, including contrast-enhanced ultrasound, functional MRI, PET-CT, and 
emerging optical imaging methods, have further improved the ability to identify small, early-stage ovarian tumors. 
The integration of AI and machine learning algorithms with imaging data has revolutionized early detection by 
enabling automated analysis, risk stratification, and predictive modeling with high precision. 
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Multi-omics approaches, combining genomics, transcriptomics, proteomics, metabolomics, and 
epigenomics, offer a comprehensive understanding of ovarian cancer biology. The integration of multi-omics data 
allows for the identification of unique molecular signatures that differentiate early-stage ovarian cancer from 
benign conditions and healthy controls. 

Despite these advancements, several challenges remain, including the biological heterogeneity of ovarian 
cancer, the limited validation of novel biomarkers, the cost and accessibility of advanced technologies, and the 
lack of effective population screening programs. Addressing these challenges requires a collaborative, 
multidisciplinary effort to develop and validate cost-effective, reliable, and accessible diagnostic tools. 

Future research should focus on personalized screening approaches for high-risk populations, the 
development of subtype-specific biomarkers, and the integration of AI-driven multi-modal diagnostic platforms. 
By leveraging these advancements, the goal of achieving earlier diagnosis and reducing ovarian cancer-related 
mortality can be realized. 

In summary, the field of ovarian cancer detection is at a transformative juncture, driven by cutting-edge 
technologies and innovative approaches. The integration of biomarkers, imaging, artificial intelligence, and multi-
omics platforms provides a powerful strategy for detecting ovarian cancer at its earliest, most treatable stages. 
Continued research and clinical validation will be essential to translate these promising tools into routine clinical 
practice, ultimately improving outcomes for patients with ovarian cancer. 
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